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Abstract

A new aspect of the in°uence of the information-theoretical methods on the statisti-
cal theory is considered. The procedures of the probability distributions identi¯cation
for K(¸ 1) random objects each having one from the known set of M(¸ 2) distributions
are studied. N-sequences of discrete independent random variables represent results of
N observations for each of K objects. Decisions concerning probability distributions
of the objects must be made on the base of such samples. For N ! 1 the exponen-
tial decrease of the test's error probabilities is considered. The reliability matrices of
logarithmically asymptotically optimal procedures are explored for some models and
formulations of the identi¯cation problems. The optimal subsets of reliabilities which
values may be given beforehand and conditions guaranteeing positiveness of all the
reliabilities are investigated.
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ìÇ×³Ï³·ñ³Ï³Ý í³ñÏ³ÍÝ»ñÇ ûåïÇÙ³É
ï»ëïÙ³Ý ¨ ÝáõÛÝ³Ï³Ý³óÙ³Ý Ù³ëÇÝ

è.²Éëí»¹», º. Ð³ñáõÃÛáõÝÛ³Ý

²Ù÷á÷áõÙ

¸Çï³ñÏí³Í ¿ ÇÝýáñÙ³óÇáÝ–ï»ë³Ï³Ý Ù»Ãá¹Ý»ñÇ íÇ×³Ï³·ñ³Ï³Ý ï»ëáõÃÛ³Ý íñ³
³½¹»óáõÃÛ³Ý ÙÇ Ýáñ ÑÝ³ñ³íáñáõÃÛáõÝ: àõëáõÙÝ³ëÇñí³Í »Ý Ñ³í³Ý³Ï³ÝáõÃÛáõÝÝ»ñÇ
µ³ßËáõÙ»Ý»ñÇ ÝáõÛÝ³Ï³Ý³óÙ³Ý ÁÝÃ³ó³Ï³ñ·»ñÁ K ( ¸ 1 ) å³ï³Ñ³Ï³Ý³óí³Í
ûµÛ»ÏïÝ»ñÇ Ñ³Ù³ñ, áñáÝóÇó Ûáõñ³ù³ÝãÛáõñÁ µ³ßËí³Í ¿ Áëï ïñí³Í M ( ¸ 2 )
µ³ßËáõÙ»ÝñÇó Ù»ÏÇ: ÀÝ¹Ñ³ï ³ÝÏ³Ë å³ï³Ñ³Ï³Ý Ù»ÍáõÃÛáõÝÝ»ñÇ N–Ñ³çáñ¹³Ï³-
ÝáõÃÛáõÝÝ»ñÁ Ý»ñÏ³Û³óÝáõÙ »Ý K ûµÛ»ÏïÝ»ñÇ Ûáõñ³ù³ÝãÛáõñÇ N ¹Çï³ñÏáõÙ»Ý»ñÇ
³ñ¹ÛáõÝùÝ»ñÁ: àñáßáõÙÝ»ñÁ å»ïù ¿ ÁÝ¹áõÝí»Ý ûµÛ»ÏïÝ»ñÇ Ñ³í³Ý³Ï³Ý³ÛÇÝ µ³ßËáõÙ-
Ý»ñÇ Ù³ëÇÝ: ¸Çï³ñÏí³Í ¿ ï»ëï»ñÇ ëË³ÉÝ»ñÇ Ñ³í³Ý³Ï³ÝáõÃÛáõÝÝ»ñÇ óáõóã³ÛÇÝ
Ýí³½áõÙÁ, »ñµ N ! 1: Ð»ï³½áïí³Í »Ý Éá·³ñÇÃÙáñ»Ý, ³ëÇÙåïáïáñ»Ý ûåïÇÙ³É
ÁÝÃ³ó³Ï³ñ·»ñÇ Ñáõë³ÉÇáõÃÛ³Ý Ù³ïñÇóÝ»ñÁ ÝáõÛÝ³Ï³Ý³óÙ³Ý ËÝ¹ñÇ ÙÇ ù³ÝÇ
Ùá¹»ÉÝ»ñÇ ¨ Ó¨³Ï»ñåáõÙÝ»ñÇ ¹»åùáõÙ: Üßí³Í »Ý ³ÛÝ Ñáõë³ÉÇáõÃÛáõÝÝ»ñÇ ûåïÇÙ³É
»ÝÃ³µ³½ÙáõÃÛáõÝÝ»ñÁ, áñáÝó ³ñÅ»ùÝ»ñÁ Ï³ñáÕ »Ý ïñí»É Ý³Ëûñáù ¨ ³ÛÝ å³ÛÙ³ÝÝ»ñÁ,
áñáÝù ³å³ÑáíáõÙ »Ý µáÉáñ Ñáõë³ÉÇáõÃÛáõÝÝ»ñÇ ¹ñ³Ï³Ý ÉÇÝ»ÉÁ:


