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ABSTRACT 

 

The mangroves' aboveground biomass significantly contributes to the global 

carbon cycle or economic and ecological values. This makes knowledge about the 

spatial extent of the mangroves indispensable for policymakers. The sequence of 

mangroves’ condition range also requires remote sensing data to update the 

geographical information and synthesize carbon stock in Bengkulu. Therefore, this 

study aims to create a spatial distrribution of mangroves and evaluate their carbon 

stock in Bengkulu City using Sentinel-2 imagery. The semi-empirical method uses 

Sentinel-2 imagery through NDVI to appraise and picture the mangroves' 

aboveground carbon stock. An allometric equation was used to compute the 

mangroves' aboveground carbon stock from field measurements. Non-linear 

regression was used to establish a connection between the NDVI calculated from 

the Sentinel-2 imagery and the mangroves' aboveground biomass measured in the 

field, which was subsequently used for aboveground carbon estimation. The results 

showed that mangroves mapping could derive overall accuracy of 89.09%, where 

the high-density class existed in 135.12 Ha of total area. It was also discovered that 

Sentinel-2 imagery could estimate mangroves carbon stock up to 61%. The carbon 

stock estimation based on the imagery has a value of 16.3992 – 115.134 t C/ha, 

while that of field survey data ranges from 19.69 to 326.06 t C/ha. These results 

showed that Sentinel-2B spectral data is functional and has a good chance of being 

able to predict carbon stock. 
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1. Introduction 

The ecosystem services provided by mangroves are wide-spreading, therefore, their valuable 

existence is undeniable, particularly for carbon sequestration (Jones et al., 2020; Kusumaningtyas et al., 

2022), climate change mitigation (Jennerjahn, 2021; Sjögersten et al., 2021), coastal protection (Karimi 

et al., 2022), and many socio-economic benefits from ecological function (Trialfhianty et al., 2022). As 

the particular tropical and sub-tropical vegetation, mangroves inhabit almost all of Indonesia's coastline. 

This makes it one of the most considerable potential for carbon sequestration by approximately 23% of 

global mangroves (Suyadi, 2020). The Blue Carbon potential of mangroves is based on the sequestration 

rate, which is four times more than rainforests (Nyanga, 2020). This indicates the powerhouses' capacity 

of mangroves to sequester substantial amounts of carbon accounted for the sediment belowground and 

aboveground biomass. Meanwhile, the mangroves' aboveground biomass is well related to its important 

function in the context of the global carbon cycle or economic and ecological values. This makes 

information related to the spatial extent of the mangroves area indispensable (Baloloy et al., 2018).  

Recent technological advances have improved both the accuracy and the extent of remote 

sensing for mapping as well as increased the ability to estimate biomass to calculate mangroves' carbon 

stock (Bindu et al., 2020; Galidaki et al., 2017). Over decades, a widely-used approach, namely the 

remote sensing technique allows the monitoring of the extent and changes in mangroves areas 

(Rudiastuti et al., 2018). Previous investigations have shown that mangroves forests frequently grow in 

hard-to-access areas. This led to an increase in the importance of remote sensing data exploration to 

study mangroves. 

As a coastal city, Bengkulu has an area of mangroves that spatially spread along the north-south 

coastline. According to the interpretation result using remote sensing imagery (Anggraini, 2014), 

mangroves deforestation, degradation, and area conversion due to domestic needs have reduced about 

65% of the mangroves area in nature tourism park (TWA) Pantai Panjang and Baai Island, Bengkulu, 

within 13 years (2000 – 2013). There is an abundance of coastal tourism potencies in Bengkulu City, 

however research on the supportive aspects of developing mangroves ecotourism is limited. This is 

because the ecotourism concept concentrates on ecology conservation, economic benefits, and society 

concerning a spatial approach to achieve a sustainable coastal management strategy (Rudiastuti et al., 

2018). Therefore, the spatial aspects related to mangroves have become essential information for 

stakeholders such as Balai Konservasi Sumber Daya Alam Bengkulu and decision-makers in the city 

concerning sustainable coastal use.  

The spatial information of existing mangroves also shows the importance of optimizing the 

mangroves conservation and ecotourism in Baai Island since 2017 (Yunita & Edwar, 2019), as well as 

TWA in Bengkulu. The sequence of mangroves conditions urges the use of remote sensing data to 

update geospatial information and synthesize their carbon stock. However, the spatially based research 

on mangroves in the Bengkulu City is still limited (Anggraini, 2014; Senoaji & Hidayat, 2017; Silitonga 

et al., 2018; Srifitriani et al., 2020). This is because there are no scientific records on mangroves area 

mapping and carbon stock estimation using 10-meter remote sensing data on Bengkulu Coast. The 

investigations related to mangroves carbon stock estimation involved various vegetation indexes, where 

the most prevalent is Normalized Different Vegetation Index (NDVI). The density of plant is a proxy 

for biomass, which can be measured by the vegetation index (Anand et al., 2020; Perry et al., 2022; 

Pham et al., 2020; Sharma et al., 2020; Thuy et al., 2020), ARVI and EVI (Siddiq et al., 2020), DVI 

(Purnamasari et al., 2021). Therefore, this study aims to determine the use of Sentinel-2 imagery in 

mapping mangroves' spatial distribution and estimating their carbon stock in Bengkulu City. 

 

 

 



 

221 

 

Ayub Sugara et al. / Geosfera Indonesia 7 (3), 2022, 219-235 

 

 

2. Methods 

This research calculated the carbon stock at several field sample locations and determined a 

link between the Aboveground Biomass (AGB) at field sample points and the NDVI. The combination 

between field data collection and remote sensing data analysis was also carried out. This involves four 

main steps, namely (i) image processing, (ii) vegetation index transformation, (iii) ground-truthing and 

field data collection, and (iv) carbon stock calculations. 

 

2.1 Study Area 

Mangroves at Bengkulu City served as the location from September 15-22, 2021 (Figure 1). 

The six sites were selected to provide a geographically diverse representation of the mangroves 

ecosystem in the city, which extended to the riverbanks from the estuary. These sites included Pantai 

Panjang and Baai Nature Park Island, conservation and non-conservation areas. Since the national 

government recognized both Pantai Panjang and Baai Island as nature parks, they attracted the most 

visitors and became well-known stations. 

 

Figure 1. Study area 

2.2 Data and Tools 

This study used Level 2B - Sentinel satellite image acquired on August 23, 2021, and the 

specification of Sentinel data is shown in Table 1. The image pre-processing and spectral transformation 

steps are conducted by the image processing software. The NDVI was selected as the index that has 

been applied in various locations (Manna et al., 2014; Wachid et al., 2017) and is highly sensitive to 

the biomass (Purnamasari et al., 2021). GPS and tools for the ecological survey, namely tally sheet, 

cameras, as well as phi-band were used during the field observation.  
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Table 1. Data specification 

Satellite 
Band 

Spatial Resolution 

(meter) Wavelength (nm) 

Sentinel-2B 

Acquisition time: 

August 23, 2021 

Cloud cover: 

< 20% 

Blue 10 490 

Green 10 560 

Red 10 665 

Near-Infrared 10 842 

 

2.3 Image Processing 

The Sentinel-2 imagery was subjected to atmospheric correction at the pre-processing stage to 

improve the pixel value. The reflected value of objects on the earth's surface captured by the sensor was 

affected because of atmospheric factors, which made the value not to be the actual pixel value. This is 

because the value contained is not the actual pixel value (Rumora et al., 2020). Due to scattering, the 

disturbance increased, while absorption reduced. The Dark Object Subtraction (DOS) technique was 

used to adjust for atmospheric distortion. After the atmospheric correction on the Sentinel-2B image, 

the mangroves area was delineated using Maximum Likelihood supervised classification (Otukei & 

Blaschke, 2010), among the most popular parametric classes applied in supervised learning. This 

algorithm can classify pixel values according to the likelihood that belongs to a particular category 

within the sample. Meanwhile, when the probability of the pixel value is below the specified threshold, 

the pixel is not classified.  

The NDVI obtained from Sentinel-2B image processing was reclassified based on the actual 

condition from fieldwork. The field observation data and NDVI analysis were integrated to classify 

according to the type of mangroves density. Around 55 points (mangroves and non-mangroves) from 

fieldwork were occupied for accuracy tests using a confusion matrix. The accuracy test was applied to 

determine the reliability level of the mapping result.  

 

2.4 Field Sample Collection 

The field survey was carried out according to the guidelines for mangroves carbon estimation 

compiled by Kaufmann (Kauffman, 2012). A total of 140 plot samples from 6 research regions (Figure 

1) were observed during the field survey. There are 85 and 55 points as training samples for the 

classification and validation of mapping results, respectively. The location of plot samples was mainly 

determined by the research purpose and accessibility. Moreover, purposive sampling was selected to 

accommodate area representation spatially because the research location has various land-use/land-

cover surrounding mangroves areas (Vatresia et al., 2019). 

The accessibility aspect was also considered and in each station, plot positions taken using GPS 

at the location were integrated into Sentinel-2 imagery. All plots were designed as cluster transects and 

consistently placed on the coastline or river body. A 10 x 10 m plot size was designed for trees, whose 

Diameter Breast Height (DBH) is 10 cm or above, while a 5 x 5 m was for those categorized as saplings 

with DBH < 10 cm (Istomo et al., 2017; Kartika et al., 2018). Ecological data, which include identifying 

mangroves species, distribution, and density as well as AGB data of mangroves were collected. The 

identification of mangroves species uses a field guide compiled in the guidebook to introduce 

mangroves in Indonesia (Noor et al., 2012). AGB data were obtained through allometric equations from 

the measurement of stem diameter circumference. This was processed to determine the estimated 

mangroves biomass in each plot at the research site (Komiyama et al., 2005). 
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2.5 Vegetation Index 

Vegetation indices (VIs) are used to determine the plant density from remote sensing images. In 

this research, correlation and regression analysis was used to exploit the association between the values 

of the NDVI and the carbon information from the existing assessment to estimate the mangroves' 

aboveground carbon (Hastuti et al., 2017). NDVI is one of the most corresponding vegetation indices 

for a related purpose (Bindu et al., 2020). The NDVI expression is shown in Equation (1), while the 

reclassification of mangroves canopy density is presented in Table 2 based on field observations. 

𝑁𝐷𝑉𝐼 =  
(𝑁𝐼𝑅 − 𝑅)

(𝑁𝐼𝑅 + 𝑅)⁄  (1) 

NIR : Near Infrared band (Band 8) 

R  : Red (Band 4) 

NDVI  : (-1) – (1) 

Table 2. Mangroves density classification based on NDVI 

No. Category NDVI Value 

1 Rare 0.11 – 0.35 

2 Medium 0.35 – 0.5 

3 Dense 0.5 – 0.67 

 

2.6 Carbon Stock Estimation  

The two data on mangroves related to spatial distribution and canopy density were extracted 

from the Sentinel-2B image. Information on mangroves canopy density was obtained by performing the 

NDVI transformation. Meanwhile, in this research, the 3 classes of canopy density were rare, medium, 

and dense (Table 2). The NDVI transformation image produces a vegetation index value, which was 

visualized concerning the estimated carbon stock based on field survey data. An accuracy test was also 

carried out based on field data by mapping the estimated carbon stock. Mangroves forest biomass was 

counted using Equation (2) (Komiyama et al., 2005): 

𝑊𝑡𝑜𝑝 = 0.251 ∗ 𝑝 ∗ 𝐷𝐵𝐻2.46   (2) 

Where Wtop represents biomass, p means bulk density; and DBH is Diameter Breast Height (cm). 

Furthermore, the NDVI value from satellite imagery can be used for AGB estimation using Equation 

(3) (Myeong et al., 2006). 

𝐴𝐺𝐵 =   𝑐 ∗ 𝑒𝑁𝐷𝑉𝐼∗𝑑  (3) 

Where the value of c and d represent constants in the non-linear regression equation. 

After obtaining the mangroves biomass estimation, the relationship between the NDVI value in 

the observation plot and the AGB in the field was identified. The non-linear regression equations 

obtained to determine the constant value of c and d were used to estimate AGB in the whole plot of the 

NDVI values. According to SNI 7724: 2011, 47% of tree biomass is carbon, therefore, the amount of 

carbon in the stock was estimated by multiplying the biomass data by the organic carbon value of 0.47. 

Specifically, linear regression was used, which is the standard for evaluating statistical models 

for numerical data. The accuracy of carbon stock modeling based on the vegetation index was tested 

using the statistical method and compared to the actual observed values. The flowchart in Figure 2 

depicts all the procedures for conducting this research. 
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Figure 2. Workflow diagram 

 

 

 

3. Results and Discussion  

3.1 Mangroves in Bengkulu City 

The supervised classification from the Sentinel 2 imagery in Figure 3 depicted the 242.35 Ha 

mangroves area in Bengkulu coastal, which inhabits the coastal areas of Ratu Agung, Gading Cempaka, 

and Kampung Melayu. The substrate types discovered along the mangroves' habitat are sand, mud, and 

sand mixed with mud. Furthermore, nearly identical results were found from previous research on the 

western side of Bengkulu, which claimed the mangroves' extent was about 214.62 Ha (Senoaji & 

Hidayat, 2017). 
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Mangroves species found at the 6 survey sites are shown in Table 3, which summarizes the 

species data in 60 plots. It was also discovered that Rhizophora apiculata, Rhizophora stylosa, 

Avicennia marina, Bruguiera gymnorhiza, Ceriops tagal, Lumnitzera littorea, Lumnitzera racemosa, 

Sonneratia alba, and Xylocarpus granatum are the nine species that can be found in Bengkulu City. 

Rhizophora apiculata and Avicennia marina are the most frequently found species along the Bengkulu 

coast. According to a previous report, the major mangroves that dominated the city are Rhizophora, 

Avicennia, and Sonneratia (Apriyanto et al., 2021; Senoaji & Hidayat, 2017).  

Table 3. Mangroves species in Bengkulu City 

No Species 
Locations 

A B C D E F 

1 Avicennia marina + + + + + + 

2 Bruguiera gymnorrhiza  + + + +  

3 Ceriops tagal    +  + 

4 Lumnitzera littorea   +  +  

5 Lumnitzera racemose      + 

6 Rhizophora apiculata + + + + + + 

7 Rhizophora stylosa     +  

8 Sonneratia alba + +  +  + 

9 Xylocarpus granatum +  +    

Notes: "+" means species mangroves found in plot sample; A – F located in TWA Pantai Panjang, Kandang, 

Pulau Baai, Sumber Jaya, Teluk Sepang, and Padang Serai sequentially. 

 

Figure 3. Mangrove distribution in Bengkulu City 
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The performance of Sentinel-2 images on land-use/land-cover mapping has been long-

established, and most of them reported excellent performance with the reliable accuracy result (Fathoni 

et al., 2017; Mondal et al., 2019; Osgouei et al., 2019; Tavares et al., 2019). To ensure that the 

mangroves interpretation from the Sentinel-2 image is reliable for further carbon estimation, the 

accuracy of the mapping result needs to reach > 80% McCoy, (2005) (Rudiastuti et al., 2021). In this 

case, overall (OA), producer (PA), and user (UA) accuracy was 89.09%, 89.34%, and 89.03%, 

respectively, with a Kappa coefficient of 0.78, as shown in Table 4. 

Table 4.  Accuracy assessment 

Class types 
Field measurements 

Total 

User 

Accuracy 

(%) M NM 

M 23 4 27 85.19 

NM 2 26 28 92.86 

Total 25 30 55   

PA (%) 92 86.67     

Average UA (%) 89.03       

Average PA (%) 89.34       

OA (%) 89.09       

Kappa Accuracy (%) 78.15       

Note: M = mangroves; NM = Non-mangroves 

 

Therefore, the mangroves map in Bengkulu coastal interpreted from the Sentinel-2 imagery can 

be used as the basis for further analysis.  

 

3.2 Normalized Difference Vegetation Index (NDVI) 

An approach such as vegetation mapping is beneficial for understanding the environmental 

condition. Vegetation monitoring using satellite data can use vegetation density and biomass indicators 

(Samsuri et al., 2021). Meanwhile, the vegetation index can estimate mangroves biomass from remote 

sensing images such as NDVI. The results of the NDVI transformation image and mangroves density 

map are available in Figure 4. The NDVI value ranged from -1 to 1, which were grouped into several 

density classes according to the fieldwork measurement. The relationship between the NDVI vegetation 

index and field measurement data can provide information about vegetation biomass (Galidaki et al., 

2017). NDVI values close to zero are commonly related to the non-vegetation area (rocks and soil), 

while high values (positive) correspond to fractional vegetation area (Ormsby et al., 1987). In this 

research, the canopy density was obtained from the Sentinel-2B image using the NDVI transformation, 

which classified three classes of mangroves canopy density in the Bengkulu City Area. The updated 

information about mangrove extent using better spatial resolution images such as Sentinel-2 is essential 

compared to the previous results (Anggraini, 2014; Srifitriani et al., 2020). Moreover, the mangroves 

biomass information of Bengkulu City is vital to support ecotourism and coastal ecosystem 

management.  
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Figure 4. NDVI (a) and density classes (b) of mangroves in Bengkulu City 

 

The mangroves distribution resulting from supervised classification was overlaid by the NDVI 

image in Figure 4 to determine mangroves density information. Based on Figure 4, it was discovered 

that mangroves with dense conditions are abundant in Kampung Melayu District. Table 5 provides an 

overview of the spatial extent of land covered by mangroves in Bengkulu City. 

 

Table 5. Mangroves density within NDVI class 

No. Density class NDVI range Area (Ha) 

1 Rare 0.11 – 0.35 21.52 

2 Moderate 0.35 – 0.5 85.71 

3 High 0.5 – 0.67 135.12 

Total  242.35 

The vegetation index calculates the vegetation density of green leaves, specifically for 

vegetation species. The information about mangroves density classification and its extent in Table 5 

refers to Table 2 on NDVI value classification. The three groups are mangroves areas with the highest 

density covering 135.12 Ha, followed by 85.71 Ha of moderate density, while rare density exists only 

on 21.52 ha of the total area. The NDVI range in this research is almost similar to the previous 

investigation. For the mangroves area on Sumatra's eastern coast, Samsuri et al. (2021) stated that an 

NDVI value > 0.5845 is classified as high-density mangroves. Along with what is found in mangroves 

in Vietnam, NDVI values from the Sentinel image vary from -0.30 to 0.66, and those with NDVI values 

>0.5 are classified as high density (Thuy et al., 2020). Moreover, Pricillia et al. (2021) and Singgalen 

et al. (2021) used a standard document from the Ministry of Environment and Forestry about the 

environmental damage indicators for mangroves, where it was discovered that NDVI value ≥0.4 is 

categorized as mangroves with high density. NDVI transformation is used in several remote sensing-

based research to estimate biomass. Moreover, the research on biomass estimation using NDVI 

transformation in Sentinel-2 image proved the closest relationship to tree density with R = 0.738 
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(Samsuri et al., 2021). The efficacy of vegetation indices in assessing density is primarily determined 

by their responsiveness to various vegetative biochemical and biophysical features such as canopy 

cover, vegetation fragments, or biomass (Wicaksono et al., 2016). 

3.3 Estimating the Carbon Stock in Mangroves  

The model of carbon stock of mangroves in Bengkulu used the NDVI values produced from 

Sentinel-2B. Subsequently, the non-linear statistics regression between NDVI and AGB from fieldwork 

was applied to derive the constants from the carbon stock model of mangroves in Bengkulu. The 

regression equation was used as the basis for the carbon stock estimation to make a distribution model 

for the estimated distribution (Bindu et al., 2020). Figure 5 illustrates the selected field AGB and NDVI 

values. 

 

Figure 5. Correlation between AGB and NDVI models 

From the statistics regression, R2 is 0.57, and the equation 𝑦 = 23.027𝑒3.5204𝑥 . These results 

indicated a positive relationship between NDVI and measured AGB. Similar research on mangroves 

biomass modeling in tropical Mexico, Boquilla-Mancha, using Sentinel-2 (Sjögersten et al., 2021), 

derived 0.57 for the R2 value. However, Thuy et al. (2020), using a similar non-linear regression, 

obtained a slightly higher coefficient of determination R2 of 0.67, while (Purnamasari et al., 2021) 

obtained an R2 of 0.51 for the regression function between field-measured AGC and NDVI. The 

obtained number of R2 was investigated due to the lack of field points as a reference in the model. 

Moreover, the spatial resolution of Sentinel-2B satellite data has an impact on the extraction of NDVI 

values, causing a mixture of items other than mangroves, which led to mixed values. The a and b 

constants for the AGB estimation model as shown in Equation (3) are 23.027 and 3.5204, respectively 

(Myeong et al., 2006). Therefore, the estimated AGB for mangroves in Bengkulu City is given in 

Equation (4).  

𝑨𝑮𝑩 = 𝟐𝟑. 𝟎𝟐𝟕𝒆𝑵𝑫𝑽𝑰∗𝟑.𝟓𝟐𝟎𝟒 (4) 

Equation (4) became the input for estimating the biomass from the Sentinel-2B image. Based 

on Figure 6, the result showed that the lowest mangroves biomass has a value of 34,8919, while the 

highest value was 244,965. This shows a distribution of mangroves biomass in Bengkulu City. 
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Figure 6. A map depicting the spread of mangroves biomass in Bengkulu City 

After information related to mangroves biomass is obtained, the next step is to estimate carbon 

stock from Sentinel-2B images with the equation below:  

Aboveground Carbon = 0.47 (23.027 e (NDVI*3.5204)) 

Figure 7 shows a map of the mangroves' carbon stock in the Bengkulu City region. This depicts 

that the mangroves biomass measured from Sentinel-2B images ranges from 16.3992 t C/Ha to 115.134 

t C/Ha. Similar to the value of carbon stock based on the field survey, the lowest value was 19.69 t 

C/Ha, while the highest was 326.06 t C/Ha. Several field plots indicate that the mangroves area is dense 

but contains a low NDVI value (0.11 - 0.35), and vice versa. When the field survey point indicates that 

the mangroves area is rare, the NDVI value is high, which ranges from 0.5 to 0.67). This contributes to 

the discrepancy between the estimated carbon stock calculated in the field and based on Sentinel-2B 

images. Some points also represent dense mangroves density values with high NDVI and low 

mangroves density values with low NDVI values. The field result showed that the low NDVI value is 

sometimes discovered in dense mangroves areas in the field plot because NDVI only detects canopy, 

while the field density was obtained from the DBH (Ren et al., 2015). The related condition would 

affect the calculation of mangroves carbon stock.  
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Figure 7. Carbon stock distribution of mangroves in Bengkulu City 

 

Figure 8. Regression function between measured and image-predicted carbon 

Figure 8 shows how the carbon stock model derived from Sentinel 2 imagery was transformed 

using the NDVI to represent the actual carbon stock based on field measurement. This research 

discovered that Sentinel 2 imagery can be used to estimate mangroves carbon stock up to 61%. 

Meanwhile, Mngadi et al. (2021) implemented a random forest model to Sentinel 2 imagery to predict 

urban reforested carbon stock in South Africa and yielded an accuracy of 79.82 and an RMSE between 

0.38 - 0.47 t/Ha. Sentinel 2 imagery data combines its resolutions, namely spatial, temporal, and spectral 

better than other optical datasets (Ghosh et al., 2021). However, an investigation using a goodness-of-

fit statistical test discovered that all models generated inflated results when comparing field-measured 
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aboveground carbon over several vegetation indices, such as NDVI (Purnamasari et al., 2021). This 

occurred because the canopy density collected by satellite sensors within the mangroves zone exceeded 

the tree diameter observed in the survey. Meanwhile, when ALOS AVNIR-2 PC was used to map 

mangroves carbon stocks in Karimun Jawa, maximum accuracy of 77.8% for aboveground carbon and 

60.8% for belowground carbon was obtained (Wicaksono et al., 2016). 

4. Conclusion  

 This study showed that Sentinel-2 imagery could be used to produce spatial information related 

to mangroves and estimate their carbon stock. Based on Sentinel-2 imagery analysis, the mangrove area 

is 242.35 Ha with an OA of 89.09%. In the study area, approximately nine species from the genera of 

Avicennia, Bruguiera, Ceriops, Lumnitzera, Rhizophora, Sonneratia, and Xylocarpus were discovered. 

The carbon stock estimation based on Sentinel-2 imagery has a value of 16.3992 – 115.134 t C Ha-1, 

while that of field survey data ranges from 19.69 to 326.06 t C Ha-1. For further investigation, multiscale 

mapping using several types of satellite imagery is recommended. Furthermore, high-resolution satellite 

image data is needed to produce detailed spatial distribution and mangroves carbon stock data. 

Conflict of Interests  

The authors do not have any financial, personal, or other links with other people or organizations 

related to the subject matter of this research, which can create a conflict of interest. 

Acknowledgments 

This research was supported by the 2021 Lecturer Development Research of the Faculty of 

Agriculture, Bengkulu University. The authors are grateful to Jenggalu Kito Village and the Lembaga 

Lestari Alam Laut Untuk Negeri (LATUN) crew for the assistance provided during data collection in 

the field. 

 

References 

Anand, A., Pandey, P. C., Petropoulos, G. P., Pavlides, A., Srivastava, P. K., Sharma, J. K., & Malhi, 

R. K. M. (2020). Use of hyperion for mangrove forest carbon stock assessment in Bhitarkanika 

Forest Reserve : A contribution towards blue carbon initiative. Remote Sensing, 12(597). 

https://doi.org/10.3390/rs12040597. 

Purwanto, S. A. D., & Prayoga, T. (2020). Identifikasi gosong karang mengggunakan citra satelit 

Sentinel 2A (Studi Kasus: Perairan Pesisir Nias Utara). J. Teknol. Lingkung, 21(1), 95-108. 

 

Anggraini, N. (2014). Valuasi Ekonomi Hutan Mangrove Akibat Konversi Lahan di Taman Wisata 

Alam Pantai Panjang dan Pulau Baai, Bengkulu. Thesis, Gadjah Mada University.  

Apriyanto, E., Nugroho, P. B. A., & Siswahyono. (2021). Species composition, diversity and biomass 

of mangroves forest in Pulau Bai-Pantai Panjang natural conservation park of Bengkulu, 

Indonesia. AACL Bioflux, 14(4), 2012–2020. 

Baloloy, A. B., Blanco, A. C., Candido, C. G., Argamosa, R. J. L., Dumalag, J. B. L. C., Dimapilis, L. 

L. C., & Paringit, E. C. (2018). Estimation of mangrove forest aboveground biomass using 

multispectral bands, vegetation indices and biophysical variables derived from optical satellite 

imageries: rapideye, planetscope and sentinel-2. ISPRS Annals of Photogrammetry, Remote 

Sensing & Spatial Information Sciences, 4(3). 

 

Bindu, G., Rajan, P., Jishnu, E. S., & Ajith Joseph, K. (2020). Carbon stock assessment of mangroves 

using remote sensing and geographic information system. Egyptian Journal of Remote Sensing 

and Space Science, 23(1), 1–9. https://doi.org/10.1016/j.ejrs.2018.04.006. 



 

232 

 

Ayub Sugara et al. / Geosfera Indonesia 7 (3), 2022, 219-235 

 

Fathoni, M. N., Chulafak, G. A., & Kushardono, D. (2017). Kajian awal pemanfaatan data radar 

sentinel-1 untuk pemetaan lahan baku sawah di Kabupaten Indramayu Jawa Barat. Seminar 

Nasional Penginderaan Jauh Ke-4, (October), 179–186. 

Galidaki, G., Zianis, D., Gitas, I., Radoglou, K., Karathanassi, V., Tsakiri–Strati, M., … Mallinis, G. 

(2017). Vegetation biomass estimation with remote sensing: focus on forest and other wooded 

land over the Mediterranean ecosystem. International Journal of Remote Sensing, 38(7), 1940–

1966. https://doi.org/10.1080/01431161.2016.1266113 

Ghosh, S. M., Behera, M. D., Jagadish, B., Das, A. K., & Mishra, D. R. (2021). A novel approach for 

estimation of aboveground biomass of a carbon-rich mangrove site in India. Journal of 

Environmental Management, 292(May), 112816. https://doi.org/10.1016/j.jenvman.2021.112816 

Hastuti, A. W., Suniada, K. I., & Islamy, F. (2017). Carbon stock estimation of mangrove vegetation 

using remote sensing in Perancak Estuary, Jembrana District , Bali. International Journal of 

Remote Sensing and Earth Sciences (IJReSES), 14(2), 137–150. 

Istomo, I., Kusmana, C., & Naibaho, B. D. (2017). Biomass potential on several mangrove planting 

models in Java Island , Biomass potential on several mangrove planting models in Java Island , 

Indonesia. AACL Bioflux, 10(4), 754–767. 

Jennerjahn, T. C. (2021). Relevance and magnitude of "Blue Carbon" storage in mangrove sediments: 

Carbon accumulation rates vs. stocks, sources vs. sinks. Estuarine, Coastal and Shelf Science, 

248. https://doi.org/10.1016/j.ecss.2020.107156. 

Jones, A. R., Raja Segaran, R., Clarke, K. D., Waycott, M., Goh, W. S. H., & Gillanders, B. M. (2020). 

Estimating mangrove tree biomass and carbon content: A comparison of forest inventory 

techniques and drone imagery. Frontiers in Marine Science, 6(January), 1–13. 

https://doi.org/10.3389/fmars.2019.00784. 

Karimi, Z., Abdi, E., Deljouei, A., Cislaghi, A., Shirvany, A., Schwarz, M., & Hales, T. C. (2022). 

Vegetation-induced soil stabilization in coastal area: An example from a natural mangrove forest. 

Catena, 216. https://doi.org/10.1016/j.catena.2022.106410. 

Kartika, K. F., Istomo, I., & Amanah, S. (2018). Keanekaragaman jenis mangrove di UPT KPHP 

Bulungan Unit VIII Kalimantan Utara. Media Konservasi, 23(3), 253–261. 

Kauffman, J. B. D. C. D. (2012). Protocols for the measurement, monitoring and reporting of structure, 

biomass and carbon stocks in mangrove forests. Bogor, Indonesia: CIFOR. 

Komiyama, A., Poungparn, S., & Kato, S. (2005). Common allometric equations for estimating the tree 

weight of mangroves. Journal of Tropical Ecology, 21(4), 471–477. 

https://doi.org/10.1017/S0266467405002476. 

Kusumaningtyas, M. A., Kepel, T. L., Solihuddin, T., Lubis, A. A., Putra, A. D. P., Sugiharto, U., … 

Rustam, A. (2022). Carbon sequestration potential in the rehabilitated mangroves in Indonesia. 

Ecological Research, 37(1), 80–91. https://doi.org/10.1111/1440-1703.12279. 

Manna, S., Nandy, S., Chanda, A., Akhand, A., Hazra, S., & Dadhwal, V. K. (2014). Estimating 

aboveground biomass in Avicennia marina plantation in Indian Sundarbans using high-resolution 

satellite data. Journal of Applied Remote Sensing, 8(1). https://doi.org/10.1117/1.JRS.8.083638. 

Mngadi, M., Odindi, J., & Mutanga, O. (2021). The utility of sentinel-2 spectral data in quantifying 

above-ground carbon stock in an urban reforested landscape. Remote Sensing, 13(21). 

https://doi.org/10.3390/rs13214281. 

 



 

233 

 

Ayub Sugara et al. / Geosfera Indonesia 7 (3), 2022, 219-235 

 

Mondal, P., Liu, X., Fatoyinbo, T. E., & Lagomasino, D. (2019). Evaluating combinations of sentinel-

2 data and machine-learning algorithms for mangrove mapping in West Africa. Remote Sensing, 

11(24). https://doi.org/10.3390/rs11242928. 

Myeong, S., Nowak, D. J., & Duggin, M. J. (2006). A temporal analysis of urban forest carbon storage 

using remote sensing. Remote Sensing of Environment, 101, 277–282. 

https://doi.org/10.1016/j.rse.2005.12.001. 

Noor, Y. R., Khazali, M., & Suryadiputra, I. N. N. (2012). Panduan pengenalan mangrove di Indonesia. 

Bogor: Ditjen. PHKA. 

Nyanga, C. (2020). The role of mangroves forests in decarbonizing the atmosphere. In M. Bartoli, M. 

Frediani, & L. Rosi (Eds.), Carbon-Based Material for Environmental Protection and 

Remediation. London, United Kingdom: InTechOpen. 

Ormsby, J. P., Choudhury, B. J., & Owe, M. (1987). Vegetation spatial variability and its effect on 

vegetation indices. International Journal of Remote Sensing, 8(9), 1301–1306. 

https://doi.org/10.1080/01431168708954775. 

Osgouei, P. E., Kaya, S., Sertel, E., & Alganci, U. (2019). Separating built-up areas from bare land in 

mediterranean cities using Sentinel-2A imagery. Remote Sensing, 11(3), 1–24. 

https://doi.org/10.3390/rs11030345. 

Otukei, J. R., & Blaschke, T. (2010). Land cover change assessment using decision trees, support vector 

machines and maximum likelihood classification algorithms. International Journal of Applied 

Earth Observation and Geoinformation, 12, S27-S31. https://doi.org/10.1016/j.jag.2009.11.002. 

 

Perry, E., Sheffield, K., Crawford, D., Akpa, S., Clancy, A., & Clark, R. (2022). Spatial and temporal 

biomass and growth for grain crops using NDVI Time Series. Remote Sensing, 14(13), 3071. 

Pham, T. D., Le, N. N., Ha, N. T., Nguyen, L. V., Xia, J., Yokoya, N., … Takeuchi, W. (2020). 

Estimating mangrove above-ground biomass using extreme gradient boosting decision trees 

algorithm with fused Sentinel-2 and ALOS-2 PALSAR-2 data in Can Gio Biosphere Reserve, 

Vietnam. Remote Sensing, 12(777). https://doi.org/10.9930rs/12050777. 

Pricillia, C. C., Patria, M. P., & Herdiansyah, H. (2021). Environmental conditions to support blue 

carbon storage in mangrove forest: A case study in the mangrove forest, nusa lembongan, Bali, 

Indonesia. Biodiversitas, 22(6), 3304–3314. https://doi.org/10.13057/biodiv/d220636. 

Purnamasari, E., Kamal, M., & Wicaksono, P. (2021). Comparison of vegetation indices for estimating 

above-ground mangrove carbon stocks using PlanetScope image. Regional Studies in Marine 

Science, 44, 101730. https://doi.org/10.1016/j.rsma.2021.101730. 

Ren, Z., Zheng, H., He, X., Zhang, D., Yu, X., & Shen, G. (2015). Spatial estimation of urban forest 

structures with Landsat TM data and field measurements. Urban Forestry & Urban Greening, 

14(2), 336–344. https://doi.org/https://doi.org/10.1016/j.ufug.2015.03.008. 

Rudiastuti, A. W., Farda, N. M., & Ramdani, D. (2021). Mapping built-up land and settlements: a 

comparison of machine learning algorithms in google earth engine. In S. B. Wibowo & P. 

Wicaksono (Eds.), Seventh Geoinformation Science Symposium 2021 (Vol. 12082, pp. 42–52). 

SPIE. https://doi.org/10.1117/12.2619493. 

Rudiastuti, A. W., Munawaroh, M., Setyawan, I. E., & Pramono, G. H. (2018). Coastal management 

strategy for small island: Ecotourism potency development in Karimata Island, West Kalimantan. 

In IOP Conference Series: Earth and Environmental Science (Vol. 148). 

https://doi.org/10.1088/1755-1315/148/1/012013. 



 

234 

 

Ayub Sugara et al. / Geosfera Indonesia 7 (3), 2022, 219-235 

 

Rumora, L., Miler, M., & Medak, D. (2020). Impact of various atmospheric corrections on sentinel-2 

land cover classification accuracy using machine learning classifiers. ISPRS International Journal 

of Geo-Information, 9(4). https://doi.org/10.3390/ijgi9040277. 

Samsuri, S., Zaitunah, A., Meliani, S., Syahputra, O. K., Budiharta, S., Susilowati, A., … Azhar, I. 

(2021). Mapping of mangrove forest tree density using Sentinel 2A satelit image in remained 

natural mangrove forest of Sumatra eastern coastal. IOP Conference Series: Earth and 

Environmental Science, 912(1). https://doi.org/10.1088/1755-1315/912/1/012001. 

Senoaji, G., & Hidayat, M. F. (2017). Peranan ekosistem mangrove di Kota Pesisir Bengkulu dalam 

mitigasi pemanasan global melalui penyimpanan karbon. Jurnal Manusia Dan Lingkungan, 23(3), 

327. https://doi.org/10.22146/jml.18806. 

Sharma, S., Mohd, F. A., & Selamat, S. N. (2020). Assessment of the mangrove forest changes along 

the pahang coast using remote sensing and gis technology. Journal of Sustainability Science and 

Management, 15(5), 43–58. https://doi.org/10.46754/JSSM.2020.07.006. 

Siddiq, A., Dimyati, M., & Damayanti, A. (2020). Analysis of carbon stock distribution of mangrove 

forests in the Coastal City of Benoa, Bali with combination vegetation index, and statistics 

approach. International Journal on Advanced Science, Engineering and Information Technology, 

10(6), 2386–2393. https://doi.org/10.18517/ijaseit.10.6.12991. 

Silitonga, O., Purnama, D., & Nofriadiansyah, E. (2018). Pemetaan kerapatan vegetasi mangrove di sisi 

tenggara Pulau Enggano Menggunakan Data Citra Satelit. Jurnal Enggano, 3(1), 98–111. 

https://doi.org/10.31186/jenggano.3.1.98-111. 

Singgalen, Y. A., Gudiato, C., Prasetyo, S. Y. J. P., & Fibriani, C. (2021). Mangrove monitoring using 

Normalized Difference Vegetation Index (NDVI): Case Study in North Halmahera, Indonesia. J. 

Ilmu dan Teknologi Kelautan Tropis, 13(August), 219–239. 

https://doi.org/doi.org/10.29244/jitkt.v13i2.34771. 

Sjögersten, S., de la Barreda-Bautista, B., Brown, C., Boyd, D., Lopez-Rosas, H., Hernández, E., … 

Moreno-Casasola, P. (2021). Coastal wetland ecosystems deliver large carbon stocks in tropical 

Mexico. Geoderma, 403(April). https://doi.org/10.1016/j.geoderma.2021.115173. 

Srifitriani, A., Parwito, P., Supriyono, S., & Oktalia, L. (2020). Mangrove density analysis using 

Landsat 8 the Operational Land Imager (OLI) a Case Study Bengkulu City. Sumatra Journal of 

Disaster, Geography and Geography Education, 4(2), 234–241.  

Suyadi, S. (2020). Characteristics of mangrove ecosystems in Weda Bay : Environment , Vegetation , 

and Aboveground Carbon Stocks. In IOP Conf. Series: Earth and Environmental Science. 

https://doi.org/10.1088/1755-1315/618/1/012021. 

Tavares, P. A., Beltrão, N. E. S., Guimarães, U. S., & Teodoro, A. C. (2019). Integration of sentinel-1 

and sentinel-2 for classification and LULC mapping in the urban area of Belém, eastern Brazilian 

Amazon. Sensors (Switzerland), 19(5). https://doi.org/10.3390/s19051140. 

Thuy, H. L. T., Tan, M. T., Van, T. T. T., Bien, L. B., Ha, N. M., & Nhung, N. T. (2020). Using sentinel 

image data and plot survey for the assessment of biomass and carbon stock in Coastal Forests of 

Thai Binh Province, Vietnam. Applied Ecology and Environmental Research, 18(6), 7499–7514. 

https://doi.org/dx.doi.org/10.15666/aeer/1806_74997514. 

Trialfhianty, T. I., Muharram, F. W., Quinn, C. H., & Beger, M. (2022). Spatial multi-criteria analysis 

to capture socio-economic factors in mangrove conservation. Marine Policy, 141. 

https://doi.org/10.1016/j.marpol.2022.105094. 

 



 

235 

 

Ayub Sugara et al. / Geosfera Indonesia 7 (3), 2022, 219-235 

 

Vatresia, A., Utama, F. P., Regen, R., & Johar, A. (2019). High variable in land use change affected the 

Cover. Sustinere, 3(1), 47–57. https://doi.org/10.22515/sustinere.jes.v3i1.62. 

Vázquez-lule, A., Colditz, R., Herrera-silveira, J., Guevara, M., Rodríguez-zúñiga, M. T., Cruz, I., … 

Vargas, R. (2019). Greenness trends and carbon stocks of mangroves across Mexico Greenness 

trends and carbon stocks of mangroves across Mexico. Environmental Research Letters, 14. 

https://doi.org/10.1088/1748-9326/ab246e. 

Wachid, M., Hapsara, R., Cahyo, R., Wahyu, G., Syarif, A., Umarhadi, D., … Widyatmanti, W. (2017). 

Mangrove canopy density analysis using Sentinel- 2A imagery satellite data Mangrove canopy 

density analysis using Sentinel-2A imagery satellite data. IOP Conf. Series: Earth and 

Environmental Science, 70. https://doi.org/10.1088/1755-1315/70/1/012020. 

Wicaksono, P., Danoedoro, P., Hartono, & Nehren, U. (2016). Mangrove biomass carbon stock 

mapping of the Karimunjawa Islands using multispectral remote sensing. International Journal of 

Remote Sensing, 37(1), 26–52. https://doi.org/10.1080/01431161.2015.1117679. 

Yunita, M., & Edwar, E. (2019). Study Faktor Internal Untuk Pengelolaan Ekowisata Mangrove Di 

Pulau Baai Kota Bengkulu. Jurnal Georafflesia, 4(2), 183–186. 

 

 

 


